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Abstract
The e-learning platform provides a new teaching-learning channel in which instructors 
provide information to learners irrespective of method used to access the platform. The 
purpose of this study is to examine instructors’ acceptance of e-learning in Nigerian uni-
versities. The study adopted a quantitative approach, with a total of 299 questionnaires col-
lected from instructors. The result was analyzed using PLS-SEM. The study results indi-
cate the factors affecting instructors’ adoption of e-learning platforms and the subsequent 
impact on instructors’ behavioral intention, and consequenly, an impact on the acceptance 
of the e-learning platform in Nigeria. Based on the study, self-efficacy, educational quality, 
and ease of use, perceive usefulness, and behavioral intention were found to be predictors 
for instructors’ acceptance of the e-learning platform in Nigeria. Also, the results drawn 
from the study revealed that there are individual challenges that come from the use of the 
e-learning platform. We discussed both theoretical and educational implications.
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Introduction

Developing countries no doubt, have made credible developments in the adoption of digi-
tal learning platforms, especially the extensive use of e-learning in the teaching and dis-
semination of information. The introduction of digital platforms into education has indeed 
shown credibility in its potential toward teaching and learning (John, 2015; Benali et al., 
2018). Therefore, digital competency development should be an educational priority for 
digital platforms in a learning environment (Blayone et al., 2018). Many researchers have 
advocated the need to develop helpful digital assessment tools that facilitate learner com-
fort through e-learning (Jillian et al., 2018; Jirgensons & Kapenieks 2018; Dawson et al., 
2019; Abubakar & Adeshola, 2019). Nevertheless, the success of e-learning depends on its 
implementation and proper integration with traditional face-to-face teaching and learning 
(Tarus et al., 2015).

The recent advent of the global COVID-19 pandemic has further compounded the need 
for e-learning systems by all-and-sundry institutions. Forcing teaching and learning to no 
longer be a full face-to-face scenario, but combined with virtual classes and/or blended 
learning (Natasia et al., 2022; Nácher et al., 2021). Although the term e-learning has been 
viewed by many scholars as electronic or digital learning, in this study, we examined 
e-learning to enhanced learning facilitated by the use of electronic media and information 
and communication technologies, including all forms of educational technology providing 
either electronic or technological support to abet teaching and learning.

In the adoption of e-learning, many misconceptions arise regarding the implementation 
and continuity of e-learning. These misconceptions are the reasons for challenges faced 
by e-learning communities (Frimpon, 2012; Vinner, 2018; Unwin et al., 2010) attributed 
teachers’ challenges in ratifying e-learning to their inadequate understanding. According 
to Kisanga and Ireson (2015), teachers’ approval of e-learning is primarily based on their 
understanding, the inherent benefits of the e-learning platform, and individuals’ resistance 
to evolution, which are considered personal factors in the adoption of e-learning (Nihuka 
& Vogot, 2012; Sanga et al., 2013; Aldowah et al., 2018). Aldowah et al. (2019) also high-
lighted that course, contextual, technological, and individual challenges are pre-existing for 
productive use of e-learning by instructors.

Nigerian teachers encounter challenges when attempting to utilize e-learning platforms. 
These include inadequate technical support, poor Internet connectivity, cost-effectiveness, 
high costs of technology, accessibility, and flexibility, which present substantial challenges 
for Nigerian educational institutions (Obakhume, 2011; Yakubu & Dasuki, 2018).

Other generic issues, as mentioned by Tawalbeh (2018), include negative attitudes and 
perceptions towards the e-learning platform and familiarity with the system features and 
functionalities that affect teachers. The reduced level of interaction techniques, mastering 
challenging tasks, trust, and absence of a reward system hinder the use of educational tech-
nology in Nigerian universities (Adewale & Ghavifekr, 2019; Yakubu & Dasuki, 2019) 
stated that Western African countries such as Nigeria, are still under-researched in terms of 
e-learning adoption. Instructors’ psychological challenges with the use of e-learning typi-
cally create a more significant challenge towards its implementation, as instructors are obli-
gated to use e-learning to instruct students.

To ensure proper implementation of e-learning technology, it is necessary to identify 
the factors that contribute to instructors’ acceptance of e-learning at Nigerian universities, 
as existing studies have indicated little research on the factors responsible for instructors’ 
adoption of e-learning in Nigerian academic environments.
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The Technology Acceptance Model (TAM) by Davis (1986), was developed to explain 
user’s motivation to adopt the technology based on five key constructs: perceived useful-
ness, perceived ease of use, attitude, behavioral intention, and usage intention. Plus, infor-
mation systems (IS) success framework by DeLone and McLean’s (2003) was developed to 
explain quality and functionality of an IS based on six key constructs namely: three techno-
logical quality factors (service quality, information quality, and system quality), intention 
to use, user satisfaction and benefits. The study also showed a positive outcome, with lim-
ited research on the quality factors of instructors’ adoption of e-learning. Extensive reviews 
on the adoption of e-learning technologies in Nigeria by a few researchers (Yakubu & Das-
uki, 2018; Abdallah et al., 2019; Yakubu et al., 2020) have shown limited studies on the 
adoption of e-learning in Nigerian universities. In particular, the instructors’ motivational 
factors for e-learning adoption were examined. Hence, this serves as a knowledge gap that 
focuses on investigating instructors’ e-learning motivational factors in Nigeria. The prin-
cipal purpose of this study is to identify the factors that facilitate instructors’ motivation 
to adopt e-learning based on a new conceptual framework. The conceptual study model 
adopts constructs drawn from the TAM and the motivational factors of e-learning adoption 
that contribute to the present knowledge by examining the motivational factors that influ-
ence instructors’ adoption of e-learning in Nigerian universities.

Review of literature

Yakubu and Dasuki (2018) emphasized that there has been significant growth in the use 
of e-learning as a driver for effective e-learning operations in developing countries. This 
assertion is supported by a study conducted in Oyo State, Nigeria, on the influence of 
teachers’ information needs on ICT use in schools. The authors discovered that teachers 
used projectors, multimedia boards, computers, scanners, telephones, photocopiers, and 
internets (Obakhume, 2011).

Tunmibi et al. (2015) stated that e-learning implementation had a direct effect on both 
learners and teachers. This study examined the impact of e-learning on secondary school 
students and instructors in Lagos, Nigeria. It was found that the imposition of e-learning 
not only promoted teaching, but also motivated teachers and boosted students’ interest in 
learning.

Similarly, a study conducted by Afolabi (2015) in a university in southwestern Nigeria 
revealed that even though e-learning tools are available in the university, people fail to put 
them into practice. In addition, the quality of e-learning systems, inadequate training, epi-
leptic power supply, and limited resources are other challenges facing the successful adop-
tion of e-learning systems in Nigeria (Okpechi et al., 2018). Furthermore, they identified 
several issues that could be categorized in line with technological issues, psychological 
factors, financial issues, policies, and inadequate personnel training.

Moreover, Zamani et al. (2016) highlighted the issues facing the acceptance of e-learn-
ing in developing countries. Issues were grouped into the following categories: individual 
barriers associated with habits, internal characteristics, physiognomies, and “attitudinal 
inhibitors” associated with interior constructs related to users’ attitudes towards and view-
points on e-learning. The latter category is the “contextual inhibitors” associated with exte-
rior constructs consisting of a lack of organizational backing and inadequate e-learning 
competence regarding the usage of e-learning technologies. While the adoption of e-learn-
ing is no longer a new subject in developed countries, Nigeria is still battling its adoption 
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and sustainable implementation (Al-Azawei et al., 2016; Eze et al., 2018; Yakubu & Das-
uki, 2019). In addition to the disadvantages of e-learning, the overall challenges include 
inadequate training of users, inadequate Internet facilities, ineffective policies, techno-
logical challenges, pedagogical challenges, users’ attitudes, and organizational challenges 
(Tarus et al., 2015; Eze et al., 2018).

According to Scherer et al. (2019), there are various models and constructs to explain 
the acceptance of technology in education, notably, the TAM. The TAM, introduced by 
Davis (1986), has resulted in other theories that have evolved over the years. These theories 
include the theory of reason action (TRA), theory of planned behavior (TPB) and decom-
posed theory of planned behavior (DTPB) (Momani & Jamous, 2017). However, the TAM 
core concept is centered on users’ motivation to examine their attitudes and perceptions 
of information systems. The TAM has been tested, validated, and expanded over time due 
to its precise ability at predicting the adoption and usage intention of information systems 
(Liu et al., 2010; Mohammadi 2015; Al-Azawei et al., 2017).

Conversely, the popularity of TAM has shown many inadequacies, especially when used 
for the conceptualization of technology integration. In addition, TAM does not specify the 
area or knowledge needed by instructors to teach and learn technology for effective inte-
gration (Wang et al., 2008; Scherer et al., 2019). Wang et al. (2008) suggested that, TAM 
requires some specific additional variables in order to provide a sturdier model. In Nige-
ria, few studies have examined instructors’ acceptance of e-learning systems in Nigeria. 
In contrast, few studies have adopted the TAM model, and other models have based their 
influence on students’ behavioral intention to use e-learning in Nigeria (Yakubu & Dasuki, 
2018, 2019; Yakubu et al., 2020). To the best of our knowledge, no study on the adoption 
of e-learning studies in Nigeria universities has examined the motivational factor of the 
instructor’s efficacy, technological complexity, and educational quality on the technology 
acceptance of e-learning in Nigeria. Therefore, this study addresses this research gap and 
proposes a model that examines the three significant factors contributing to the adoption of 
e-learning among Nigerian instructors.

Self‑efficacy (SE)

In this context, self-efficacy is regarded as the ability of an individual to effectively use 
technology independently without assistance (Byker et al., 2018). Studies have shown that 
self-efficacy is predicted by associated behavioral accomplishments such as effectiveness, 
motivation, and optimistic attitudes (Chang et al., 2017). Consequently, we propose the fol-
lowing hypotheses:

H1  Self-efficacy positively affects perceived ease of use.

H2  Self-efficacy positively impact perceived usefulness.

Educational quality (EQ)

Educational quality is considered a crucial construct in this study because of its relevance 
to the adoption of Information System (IS) technologies (Hassanzadeh et  al., 2012). EQ 
has been defined by Kim et  al. (2012) as “the extent to which an IS makes available a 
tranquil setting for users to have collective learning.“ However, in the context of instruc-
tors, EQ can be stated as instructors’ prove of e-learning platform usage that enhances the 
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quality of education (Chang et al., 2017). Hence, EQ has a substantial direct influence on 
users’ perceived ease of use and perceived usefulness. Therefore, we propose the following 
hypotheses:

H3  Educational quality positively influence perceived ease of use.

H4  Educational quality positively influence perceived usefulness.

Technological complexity (TC)

According to Chin and Lin (2016), technological complexity is defined as the user’s per-
ceptions of the effort to understand the innovative technology or system. Inadequate pro-
fessional skills, access, and difficulties associated with the understanding of recent systems 
and the various interrelating technologies have been stated to represent a significant limi-
tation to instructors’ acceptance of e-learning platforms (Wang et al., 2008; Chin & Lin, 
2016). However, studies have shown that technology has an emerging impact on the devel-
opment of technology acceptance, especially in learning environments (Gyamfi, 2016). 
Hence, we propose the following hypotheses:

H5  Technological complexity positively affects perceived ease of use.

H6  Technological complexity positively affects perceived usefulness.

Perceived ease of use (PEOU) of the e‑learning platform

Perceived ease of use is a significant part of TAM, and as defined by Davies (1986), it is 
the extent to which a person believes that adopting a particular technology would be free 
of effort. Several studies have confirmed that ease of use of technology increases users’ 
acceptance of using technology or platforms (Davies, 1986; Edmunds et al., 2012; Bashir 
& Madhavaiah, 2015). This study defined perceived ease of use as the extent to which an 
instructor’s use of an e-learning platform is perceived as easy or effortless. It is suggested 
that ease of use represents a strong construct that motivates users’ intention to accept and 
use e-learning (Cheng, 2012). Therefore, the following hypothesis are stated:

H7  Perceived ease of use positively affects perceived usefulness.

H8  Perceived ease of use positively affects intention to use.

Perceived usefulness (PU) on behavioral intention (BI)

Perceived usefulness has been defined as the extent to which a user thinks utilizing a par-
ticular technology comes with certain advantages in relation to performing tasks (Davis, 
1986). The relationship between PU and user’s behavioral intention has been assessed in 
many studies (Sarrab et  al., 2016) Thus, this study extend it to the relationship between 
instructors’ PU and behavioral intention of technology adoption. Therefore, the study 
hypothesized that:
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H9  Perceived usefulness positively affects behavioral intention to use.

Research methodology

The conceptual model of this study is shown in Fig. 1. Accordingly, TAM is one of the 
most used theories to examine the factors of technology adoption among instructors. In the 
context of e-learning, this study use factors such as “self-efficacy,” “educational quality,” 
and “technological complexity” with the concept of TAM to contribute to the adoption of 
e-learning among instructors. Based on the previous studies, Fig. 1 shows the relationship 
between self-efficacy, educational quality, and technological complexity, and the TAM.

Data collection and measurement scales

This study examines the factors affecting instructors’ adoption of e-learning platform in 
Nigeria during Covid-19 pandemic. The samples were collected from instructors of three 
private schools using e-learning platforms from three geopolitical zones (south-south, 
south-west, and north-central) in Nigeria. Nigerian states are grouped into six distinc-
tive geopolitical zones and federal capital territories: southeast, south–south, southwest, 
northeast, northwest, and north–central. Hence, the study population was chosen based 
on prior attempts at schools and the current use of e-learning technologies to disseminate 
knowledge. Currently, instructors in these schools use projectors, interactive boards, com-
puters, scanners, telephones, photocopiers, and the internet to teach and send homework 
to students. Other forms of e-learning platforms currently used by schools for teaching 
and teacher-person interactions include WhatsApp, Facebook, and dedicated specialized 
software.

Owing to the distance between geopolitical zones, data collection was initiated from 
March 3rd to August 4, 2021. Initially, all the participants were invited to complete the 

Fig. 1   Reseach conceptual model
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questionnaire. The questionnaires, including a cover letter, were distributed to participants 
in their respective schools/offices. The participants were clearly intimated by the need 
to voluntarily respond to the questionnaire and their responses were treated confidently. 
The questionnaire, however, was based on previous studies and the theoretical literature 
undertaken from numerous studies on the subject matter in which indices were selected, as 
shown in Table 1. On the first page of the questionnaire, The instructors were asked to con-
firm whether they understood and were currently using e-learning applications for teach-
ing. This confirms the relevance of their responses to the research. The study population 
comprised 1, 106 instructors; 330 instructors were selected purposefully and the question-
naire was physically administered to them. A total (110) questionnaires were assigned to 
each school, and of the 330 questionnaires distributed to the instructors, 299 were returned 
for both internal and external reasons.

Yamane (1967) proposed sample size calculation was engaged to calculate the needed 
sample size. Characterized as: Sample size (n) = N

1+N(e)2
  where n = is the sample size, 

N = is the population size, e = is the marginial error. This study assumes 95% confidence 
level and an error margin (e) = 0.05. In substituting N = 1,106 and other parameters in the 
sample size calculation formula, minimum sample size (n) of 294 is to be selected for the 
survey. In total, 330 instructors were selected from these schools. The study utilized the 
purposive sampling method as a result of the distinct requirements of the present study, and 
the selection process of schools/participants was considered adequate to provide the neces-
sary information centered on knowledge or practice (Idoga & Kissi, 2020). Furthermore, 
the research methodology used a well-structured questionnaire to collect data using a five-
point Likert scale for perceived usefulness. The perceived ease of use was adopted from 
Davies (1986), Liu et  al. (2010), Mohammadi (2015). Self-efficacy, educational quality, 
and technological complexity were taken from Mohammadi (2015), Mokhtar et al. (2018), 
Hassanzadeh et  al., 2012). In addition to the behavioral intentions of Davies (1986), Li 
et al. (2012) and Mokhtar et al. (2018). Of the 330 questionnaires distributed, 316 received 
17 incomplete responses. In total, 299 respondents (90.60%) were included in this study. 
First, exploratory factor analysis (EFA) and confirmatory factor analysis (CFA) were used 
to examine the nature of the relationships between latent constructs (Anderson & Gerbing, 
1988; Wongpakaran et al., 2018). EFA and CFA approaches were used to evaluate various 
hypotheses regarding relationships within factors, latent variables and observed variables. 
The second step was model fit. A structural model was used to estimate and assess the 
overall model fit of the hypothesized relationships, using standardized regression coeffi-
cients (β) and p-values.

Data analysis

In measuring the data, an exploratory analysis such as convergent and discriminant validity 
and scale reliability must be examined based on Fornell and Larcker (1981) criteria. First, 
the study applied a preliminary test for the common method bias to determine the multi-
collinearity among the variables, and the result of Variance inflation factors (VIF) varies 
from 1.246 to 3.168, which is less than 3.3 recommended by Kock (2015). Second, the 
study examined the reliability, convergent validity, and discriminant validity of the model, 
this study adopted the suggestion by Hair et  al. (2010). The convergent validity is the 
extent to which different measures of the same construct must be strongly correlated with 
one another, while discriminant validity statistically measures two different factors from 
each other (Anderson & Gerbing, 1988; Engellant et al., 2016). The convergent validity is 
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measured by Average Variance Extracted (AVE) values and Composite Reliability (CR). 
As shown in Table 2, all factor loading are greater than 0.4, which satisfied the requisite 
recommended by Bagozzi (1981) stating that all factor loading must exceed 0.50. Moreo-
ver, the value of AVE ranged from 0.589 to 0.802. Therefore, the AVE value is acceptable, 
and the AVE value of all items exceeded 0.50 (Chin, 1998). Cronbach alpha (α) values 
vary between 0.651 and 0.876, which is reasonable (Taber, 2018). More so, all CR (the 
degree to which items are free from arbitrary error and provide consistent results) exceed 
0.6 as recommended by Henseler et al. (2009), which shows a standard result from Table 3.

Also, the R2 for perceived usefulness is 0.337, which is proven to be substantial. Besides 
that, perceived ease of use, with an R2 of about 0.317 is also proven to be the significant 
and behavioural intention, with an R2 of about 0.468 is moderate (Chin, 1988). Therefore, 
the predictive power of perceived ease of use (32%) and perceived usefulness (34%) both 
proved to be a strong predictor of behavioral intention (47%) of instructors’ adoption of the 

Table 2   Discriminant validity

Bold values indicate the square root of AVE

Construct SE BI PEOU PU EQ TC

SE 0.806 
BI 0.208 0.767 
PEOU 0.237 0.373 0.791 
PU 0.150 0.335 0.266 0.708 
EQ 0.359 0.253 0.253 0.2367 0.797 
TC 0.509 0.226 0.239 0.1381 0.4413 0.896 

Table 3   Exploratory analysis result and VIF

Construct Indicator VIF Loading AVE CR (α) R2

Self-efficacy SE1 1.397 0.78 0.647 0.846 0.726
SE2 1.726 0.85
SE3 1.411 0.78

Educational quality Equation 1 1.373 0.81 0.636 0.840 0.714
Equation 2 1.489 0.81
Equation 3 1.362 0.77

Technological complexity TC1 3.168 0.92 0.802 0.924 0.876
TC2 2.834 0.91
TC3 1.944 0.85

Perceived usefulness PU1 1.328 0.79 0.610 0.824 0.680 0.337
PU2 1.276 0.75
PU3 1.380 0.81

Perceived ease of use PEOU1 1.392 0.80 0.627 0.834 0.702 0.317
PEOU2 1.331 0.77
PEOU3 1.387 0.80

Behavioral intention BI1 1.340 0.80 0.589 0.811 0.651 0.468
BI2 1.252 0.76
BI3 1.246 0.74
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e-learning platform. Furthermore, as shown in Table 2 above, the test of the discriminant 
validity for each construct is higher than 0.50 and this complied with (Fomell & Larcke, 
1981) which stated the square root of the AVE of each construct should be much larger 
than the correlation of the specific construct with any of the other constructs. Therefore, 
the result indicates a satisfactory discriminant validity.

As a result, the study measures the data analysis by testing the reliability and validity 
consist of factor loadings, Average Variance Extracted, Composite Reliability, and Cron-
bach’s alpha (Construct Reliability) values. Next, we examine the structural model by test-
ing the model fitness and the relationships between variables.

Measurement of model fit

Measurement of the model fit is conventionally implemented to signify multiple catego-
ries of model fit. That is, the use of Partial Least Squares (PLS) to measure the estimated 
value of measured variables and several latent constructs (Oluwajana et al., 2019): With 
the use of composite PLS, model’s goodness of fit: need to be tested with the unweighted 
least squares discrepancy (d_ULS), the geodesic discrepancy (d_G), and the Standardized 
Root Mean Squared Residual (SRMR). A model fit is usually considered valid when the 
SRMR < 0.08 and the squared Euclidean distance (d_ULS) of the saturated model < boot-
strapped HI 95% of d_ULS estimated model and d_G of the saturated model < boot-
strapped 95% of d_G of the estimated model. Therefore, the results from Table 4 show that 
SRMR < 0.08, dULS sat < est, and dG sat < est which satisfied the requisite recommended 
by (Quintana & Maxwell, 1999; Henseler et al., 2016).

The second step is to estimate the model fit, and we employed the structural equa-
tion modeling using ADANCO 2.0.1 to test the proposed model. ADANCO represents 
an advanced analysis of composites. It is used for variance-based structural equation 
modeling and tests of the model fit. As listed in Table 5, among the factors influencing 
instructors acceptance of e-learning, the study result indicates instructors’ self-efficacy 
shows a positive impact on perceived ease of use of the e-learning platform (β = 0.210, 
p < 0.01); instructors educational quality shows a positive impact on perceived ease of 
use (β = 0.272, p < 0.01) and instructors’ educational quality shows a positive impact 
on perceived usefulness (β = 0.299, p < 0.01) Thus, H1, H3, and H4 are empirically 
supported. However, instructors’ self-efficacy and perceived usefulness (β = 0.074), 
instructors’ technology complexity and perceived ease of use (β = 0.158), and technol-
ogy complexity and perceived usefulness (β = -0.054). Thus, H2, H5, and H6 show an 
insignificant effect in this regard. Finally, instructors’ perceived ease of use shows a 
positive impact on perceived usefulness of the e-learning platform (β = 0.356, p < 0.01) 
and instructors’ perceived ease of use shows a positive impact on behavioral intention to 

Table 4   Overall model fit

Saturated (sat) Estimated (est)

Value HI95 HI99 Outcome Value HI95 HI99 Outcome

SRMR < 0.08 0.068 0.054 0.056 Supported 0.075 0.059 0.063 Supported
dULS sat< HI95 0.791 0.507 0.539 Supported 0.954 0.601 0.684 Supported
dG sat< HI95 0.344 0.305 0.317 Supported 0.354 0.309 0.320 Supported
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use e-learning platform (β = 0.425, p < 0.01); instructors’ perceived usefulness shows a 
positive impact on behavioral intention to use e-learning platform (β = 0.360, p < 0.01) 
Thus, H7, H8, and H9 are empirically supported. Therefore, all paths except H2, H5, 
and H6 are unsupported.

An analysis of the structural model shows that all direct effects are significant, except 
H2, H5, and H6. This study used one-tailed and resultant p-values (2-sided) for statisti-
cal inferences following the guidelines suggested by Henseler et al. (2016). Therefore, 
all hypotheses are confirmed, and the result is established in Fig. 2.

Table 5   Structural model

Effect Original coefficient t-value p-value Outcome

H1 SE → PEOU 0.210 2.660 0.008 Supported
H2 SE → PU 0.074 0.999 0.318 Not-supported
H3 EQ → PEOU 0.272 3.385 0.001 Supported
H4 EQ → PU 0.299 4.461 0.000 Supported
H5 TC→PEOU 0.158 1.956 0.051 Not-supported
H6 TC→ PU − 0.054 − 0.662 0.508 Not-supported
H7 PEOU →PU 0.356 5.934 0.000 Supported
H8 PEOU → BI 0.425 9.225 0.000 Supported
H9 PU→ BI 0.360 7.232 0.000 Supported

Fig. 2   Proposed research model
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Discussions

Many researchers have studied various external variables concerning the extension of 
this acceptance model to overcome educational development factors, particularly the use 
of e-learning platforms in the education sector (Abdullah & Ward, 2016; Chien, 2012). 
Accordingly, this study used structural equation modeling (SEM) to examine the factors 
affecting instructors’ acceptance and adoption of e-learning platforms as new educational 
technology tools in the Nigerian education sector. The study used the TAM–perceived 
usefulness, perceived ease of use, and behavioral intention to use e-learning platforms-
to reveal factors affecting instructors’ adoption and use of e-learning. Additionally, we 
considered self-efficacy, technology complexity, and educational quality as factors that 
enhance technology acceptance to better understand the determinants of instructors’ adop-
tion of e-learning platforms. However, the results indicated that the model was satisfactory. 
That is, the measures of reliability, convergent validity, and Cronbach’s alpha were satisfac-
tory, and the discriminant validity was also satisfactory. Consequently, all the hypotheses 
were valid, and the relationships among the variables were positive with a high level of 
significance, except for H2, H5, and H6. The new era in the use of e-learning applications 
among instructors for teaching and other social activities in the learning environment.

This study measured self-efficacy, educational quality, and technological complexity as 
the factors needed to improve productivity and efficiency in teaching e-learning environ-
ments. Therefore, this study cannot accurately state if e-learning platforms are fully uti-
lized or underutilized in developing countries. However, the study outcome shows that 
instructors’ perception of the application’s use shows that self-efficacy has a significantly 
positive effect on instructors’ perceived ease of use in adopting and using the e-learning 
platform, which is in line with Chen and Tseng (2012) and Scherer et al. (2019). This result 
suggests that Nigerian instructors believe that e-learning platforms motivate users to use 
them for online instruction, thereby assisting them in their teaching. In addition, as part of 
global development, universities in developing countries should encourage computer usage 
among instructors to develop self-efficacy, motivation, and attitudes towards use (Bhuasiri 
et al., 2012).

The study also showed that self-efficacy had an insignificant effect on instructors’ per-
ceived usefulness of adopting and using e-learning platforms. This explains why Nigerian 
instructors’ have low self-efficacy towards the use of e-learning platforms within this con-
text; the users’ judgment would be either “difficult to use” or “less useful” (Alshammari 
et al., 2016). Moreover, educational quality plays a key role in supporting perceived ease of 
use and usefulness of e-learning platforms. The results indicate that educational quality has 
a significant positive effect on instructors’ perceived ease of use and usefulness of adopting 
and utilizing e-learning platforms. Therefore, the findings are consistent with those of simi-
lar studies (Hassanzadeh et al., 2012; Al-Azawei et al., 2017), which show that Nigerian 
instructors’ are highly qualified, grade appropriately for teaching, and assess the e-learning 
platform in Nigerian universities.

In addition, instructors’ perception of technology complexity exerts a positive influence 
on perceived ease of use but an insignificant effect on the perceived usefulness of adopting 
the e-learning platform. Ursavaş and Reisoglu (2017) found that the perceived technologi-
cal complexity of e-learning is negatively related to perceived usefulness as instructors per-
ceive that complex technologies may not be useful or will not improve their performance 
when used in their respective work. This result also explains the various complexities faced 
by instructors, such as their mental state, motivational issues, accessibility, and cognitive 
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factors, in the perceived usefulness of e-learning platforms (Hammouri & Abu-Shanab, 
2018). Furthermore, the results confirm the existing hypotheses based on perceived useful-
ness and perceived ease of use, with a positive and significant effect on behavioral inten-
tion and perceived ease of use and a positive and significant effect on perceived useful-
ness. Accordingly, this research model contributes to the existing evidence on the use of 
e-learning platforms (Davis, 1986; Venkatesh 2000; Motshegwe & Batane, 2015; Dueñas-
Rugnon et al., 2010; Zamani et al., 2016). Educational technology in developing countries 
has significantly improved to a high degree through research and development (R&D) by 
stakeholders in the educational field. However, performance is based on the adoption of 
e-learning platforms in developing countries before equating to the same level as mod-
ern countries in the modern educational system. Given the context of the factors affecting 
Nigerian instructors, this study provides a more successful and explicit picture of the three 
determinants of instructors’ adoption of the integrated e-learning model in the TAM.

Implication for educational practice

This study presents two theoretical implications for educational practices and contributes 
to the TAM. Our model combines the TAM of Davis (1986) with factors affecting instruc-
tors in adopting e-learning platforms (Pursel & Xie, 2014). Second, this model validates 
an aspect of this research that focuses on instructors’ determinants and the extension of 
TAM. The purpose was to develop a rigid model in a more modernized context to focus 
on the factors affecting Nigerian instructors’ acceptance of e-learning platforms in institu-
tions that may, therefore, be considered significant contributors to the Nigerian educational 
system. The practical implications of this study indicate that designers and providers have 
distinct views of the potential effects of e-learning systems in educational settings.

One implication of this study is that Nigerian instructors perceived e-learning platforms 
as complex technologies for teaching, communicating, and collaborating, which are core 
values of the e-learning system process (Cidral et  al., 2018). According to our findings, 
Nigerian instructors will benefit if designers and providers consider ways to minimize 
the complexity of content, collaboration, and communication processes within platforms. 
Instructors should be able to enjoy animation, web management, one-on-one mentoring, 
and digital-area audio/video capture (Aparicio et  al., 2016). Instructors perceive that a 
simple-to-use e-learning platform will facilitate communication between instructors and 
students, thereby influencing behavioral intention, and institutions should design various 
ways of improving instructor self-efficacy through seminars, training, and other ways of 
improving their competence levels in developing countries which can be recommended for 
subsequent research.

Limitations and suggestions for future work

Although this study provides progressive perspectives on both theoretical and real-life 
factors affecting instructors’ adoption of e-learning platforms in Nigeria, it also has sev-
eral limitations. First, researcher bias may have occurred because of the sampling tech-
nique employed. Second, the results indicate that the dimensions of the external varia-
bles are insufficient to adequately capture the TAM’s influence on e-learning. Therefore, 
our study contributes to the advancement of theoretical development and serves as a 
basis for future research. Future research could focus on other universities through a 
comparative analysis of e-learning platforms and instructors’ perceptions of their 
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technological complexity. Future research should compare e-learning platforms across 
developing countries. Other research areas can focus on evaluating instructors’ attitudes 
towards e-learning environments using gamification as a mode of instruction and a para-
digm for using e-learning platforms (Urh et al., 2015). Gamification promotes a higher 
degree of personalization in e-learning, communication and collaboration.

Conclusion

Generally, an e-learning platform is an effective solution for teaching-learning process. 
It is important to examine instructors’ motivations when using e-learning platforms 
in education during Covid-19 pandemic. Technology acceptance of e-learning plat-
forms can be added to existing traditional methods to improve the learning process and 
enhance the instructors’ acceptance of e-learning platforms. This research has helped 
understand the different factors affecting instructors’ acceptance of e-learning platforms 
in Nigeria. This study used the TAM as a theoretical framework to examine the factors 
affecting instructors’ acceptance of educational technology, especially e-learning plat-
forms during Covid-19 pandemic.

Our findings revealed that perceived ease of use, usefulness, educational quality, 
technology complexity, and self-efficacy significantly contributed to users’ behavioral 
intention to adopt e-learning platforms. Therefore, there is a need to determine instruc-
tors’ self-efficacy and technological complexity, increase their awareness of the use of 
e-learning platforms, and provide instructors with adequate training on various services 
offered by e-learning platforms. These include a user-friendly instructor’s guide, means 
of communication, a new method of the teaching-learning process, and many more on 
the e-learning platform. In conclusion, the results indicate a need to develop strategic 
plans and provide guidelines for instructors’ technology complexity and self-efficacy 
acceptance to improve modern driving factors to meet the educational goal of using 
e-learning platforms.

Acknowledgements  The authors sincerely appreciate everyone who contributed to the success of this 
research.

Funding  This research received no specific grant from any funding agency in the public, commercial, or 
not-for-profit sectors.

Data availability  All data generated or analyzed during this study are included in this manuscript [and its 
supplementary information files].

Declarations 

Conflict of interest  The authors declare that they have no competeing interest.

Informed consent  All participants consented to the survey before the questionnaire was administered to 
them.

Research involving human participants and/or animals  This research does not involve human or animal par-
ticipation.



2270	 P. E. Idoga et al.

1 3

References

Abdullah, F., & Ward, R. (2016). Developing a general extended technology acceptance model for e-learn-
ing (GETAMEL) by analyzing commonly used external factors. Computers in Human Behavior, 56, 
238–256

Abdallah, N. A., Ahlan, A. R., & Abdullah, O. A. (2019). The role of quality factors on learning manage-
ment systems adoption from instructors’ perspectives. The Online Journal of Distance Education and 
e-Learning, 7(2), 133

Abubakar, A. M., & Adeshola, I. (2019). Digital exam and assessments: A riposte to industry 4.0. In Hand-
book of research on faculty development for digital teaching and learning (pp. 245–263). IGI Global

Adewale, A. S., & Ghavifekr, S. (2019). Leadership self-efficacy and staff organizational citizenship behav-
ior in higher education institutions: Experience from Nigeria. International Journal of Leadership in 
Education, 22(1), 116–133

Afolabi, A. A. (2015). Availability of online learning tools and the readiness of teachers and students 
towards it in Adekunle Ajasin University, Akungba-Akoko, Ondo State, Nigeria (Vol. 176, pp. 610–
615). Procedia-Social and Behavioral Sciences

Al-Azawei, A., Parslow, P., & Lundqvist, K. (2016). Barriers and opportunities of e-learning implementa-
tion in Iraq: A case of public universities. The International Review of Research in Open and Distrib-
uted Learning, 17(5)

Al-Azawei, A., Parslow, P., & Lundqvist, K. (2017). The effect of universal design for learning (UDL) 
application on e-learning acceptance: A structural equation model. International Review of Research 
in Open and Distributed Learning: IRRODL, 18(6), 54–87

Aldowah, H., Al-Samarraie, H., & Ghazal, S. (2019). How course, contextual, and technological challenges 
are associated with instructors’ individual challenges to successfully implement e-learning: A develop-
ing country perspective. Institute of Electrical Electronics Engineering Access, 7, 48792–48806

Aldowah, H., Ghazal, S., & Umar, I. (2018). Instructor’s challenges in Implementig e-learning in a public 
university in Yemen. The Turkish Journal of Design, Art and Communication, 1138–1146

Alshammari, S. H., Ali, M. B., & Rosli, M. S. (2016). The Influences of technical support, self-efficacy and 
instructional design on the usage and acceptance of LMS: A comprehensive review. Turkish Online 
Journal of Educational Technology-TOJET, 15(2), 116–125

Anderson, J. C., & Gerbing, D. W. (1988). Structural equation modeling in practice: A review and recom-
mended two-step approach. Psychological bulletin, 103(3), 411

Aparicio, M., Bacao, F., & Oliveira, T. (2016). An e-learning theoretical framework. Journal of Educational 
Technology & Society, 19(1), 292–307

Bagozzi, R. P. (1981). Attitudes, intentions, and behavior: A test of some key hypotheses. Journal of Per-
sonality and Social Psychology, 41(4), 607

Bashir, I., & Madhavaiah, C. (2015). Trust, social influence, self‐efficacy, perceived risk and internet bank-
ing acceptance: An extension of technology acceptance model in Indian context. Metamorphosis, 
14(1), 25–38

Benali, M., Kaddouri, M., & Azzimani, T. (2018). Digital competence of Moroccan teachers of English. 
International Journal of Education and Development using ICT, 14(2)

Bhuasiri, W., Xaymoungkhoun, O., Zo, H., Rho, J. J., & Ciganek, A. P. (2012). Critical success factors for 
e-learning in developing countries: A comparative analysis between ICT experts and faculty. Comput-
ers & Education, 58(2), 843–855

Blayone, T. J., Mykhailenko, O., vanOostveen, R., Grebeshkov, O., Hrebeshkova, O., & Vostryakov, O. 
(2018). Surveying digital competencies of university students and professors in Ukraine for fully 
online collaborative learning. Technology Pedagogy and Education, 27(3), 279–296

Byker, E. J., Putman, S. M., Polly, D., & Handler, L. (2018). Examining elementary education teachers 
and preservice teachers’ self-efficacy related to technological pedagogical and content knowledge 
(TPACK). Self-efficacy in Instructional Technology Contexts (pp. 119–140). Springer

Chang, C. T., Hajiyev, J., & Su, C. R. (2017). Examining the students’ behavioral intention to use e-learning 
in Azerbaijan? The general extended technology acceptance model for e-learning approach. Computers 
& Education, 111, 128–143

Chen, H., & Tseng, H. (2012). Factors that influence acceptance of web-based e-learning systems for the 
in-service education of junior high school teachers in Taiwan. Evaluation and Program Planning, 35, 
398–406

Cheng, Y. (2012). Effects of quality antecedents on e-learning acceptance. Internet Research, 22(3), 
361e390

Chien, T. C. (2012). Computer self-efficacy and factors influencing e-learning effectiveness. European Jour-
nal of Training and Development, 36(7), 670–686



2271Educational quality and technological complexity on recognition…

1 3

Chin, J., & Lin, S. C. (2016). A behavioral model of managerial perspectives regarding technology accept-
ance in building energy management systems. Sustainability, 8(7), 641

Chin, W. W. (1998). The partial least squares approach to structural equation modeling. Modern Methods 
for Business Research, 295(2), 295–336

Cidral, W. A., Oliveira, T., Di Felice, M., & Aparicio, M. (2018). E-learning success determinants: Brazil-
ian empirical study. Computers & Education, 122, 273–290

Davis, F. D. (1986). A technology acceptance model for empirical testing new end-user information system: 
Theory and results. Massachusetts Institute of Technology

Dawson, P., Henderson, M., Mahoney, P., Phillips, M., Ryan, T., Boud, D., & Molloy, E. (2019). What 
makes for effective feedback: Staff and student perspectives. Assessment & Evaluation in Higher Edu-
cation, 44(1), 25–36

Dueñas-Rugnon, O. L., Iglesias-Pradas, S., & Hernández-García, Á. (2010). System and user characteristics 
in the adoption and use of e-learning management systems: A cross-age study. In Technology enhanced 
learning. Quality of teaching and educational reform (pp. 301–307). Springer

Edmunds, R., Thorpe, M., & Conole, G. (2012). Student attitudes towards and use of ICT in course study, 
work and social activity: A technology acceptance model approach. British Journal of Educational 
Technology, 43(1), 71–84

Engellant, K. A., Holland, D. D., & Piper, R. T. (2016). Assessing convergent and discriminant validity of 
the motivation construct for the technology integration education (TIE) model. Journal of Higher Edu-
cation Theory & Practice, 16(1)

Eze, S. C., Chinedu-Eze, V. C., & Bello, A. O. (2018). The utilisation of e-learning facilities in the edu-
cational delivery system of Nigeria: A study of M-University. International Journal of Educational 
Technology in Higher Education, 15(1), 34

Fornell, C., & Larcker, D. F. (1981). Structural equation models with unobservable variables and measure-
ment error: Algebra and statistics. Journal of Marketing Research, 18(3), 382–388

Frimpon, M. F. (2012). A re-structuring of the critical success factors for e-learning deployment. American 
International Journal of Contemporary Research, 2(3), 115–123

Gyamfi, S. A. (2016). Identifying Ghanaian pre-service teachersâ readiness for computer use: A technology 
acceptance model approach. International Journal of Education and Development using ICT, 12(2)

Hair, J. F., Anderson, R. E., Babin, B. J., & Black, W. C. (2010). Multivariate data analysis: A global per-
spective (Vol. 7). Pearson

Hammouri, Q., & Abu-Shanab, E. (2018). Exploring factors affecting users’ satisfaction toward E-learning 
systems. International Journal of Information and Communication Technology Education (IJICTE), 
14(1), 44–57

Hassanzadeh, A., Kanaani, F., & Elahi, S. (2012). A model for measuring e-learning systems success in 
universities. Expert Systems with Applications, 39(12), 10959–10966

Henseler, J., Hubona, G., & Ray, P. A. (2016). Using PLS path modeling in new technology research: 
Updated guidelines. Industrial Management & Data Systems, 116(1), 2–20

Henseler, J., Ringle, C. M., & Sinkovics, R. R. (2009). The use of partial least squares path modeling in 
international marketing. In R. R. Sinkovics, & P. N. Ghauri (Eds.), Advances in international market-
ing (Vol. 20, pp. 277–320). Emerald

Idoga, P. E., & Kissi, P. S. (2020). Determinants of graduate business student’s intention to use gamification 
in an organization. Dutse Journal of Pure and Applied Sciences, 6, 1

Jillian, L., Clarke, & David, B. (2018). Refocusing portfolio assessment: Curating for feedback and por-
trayal. Innovations in Education and Teaching International, 55(4), 479–486

Jirgensons, M., & Kapenieks, J. (2018). Blockchain and the future of digital learning credential assessment 
and management. Journal of Teacher Education for Sustainability, 20(1), 145–156

John, S. P. (2015). The integration of information technology in higher education: A study of faculty’s atti-
tude towards IT adoption in the teaching process. Contaduría y Administración, 60, 230–252

Kim, K., Trimi, S., Park, H., & Rhee, S. (2012). The impact of CMS quality on the outcomes of e-learning 
systems in higher education: An empirical study. Decision Sciences Journal of Innovative Education, 
10(4), 575–587

Kisanga, D., & Ireson, G. (2015). Barriers and strategies on adoption of e-learning in Tanzanian higher 
learning institutions: Lessons for adopters. International Journal of Education and Development using 
Information and Communication Technology, 11(2), 126

Kock, N. (2015). Common method bias in PLS-SEM: A full collinearity assessment approach. International 
Journal of e-Collaboration (ijec), 11(4), 1–10

Li, Y., Duan, Y., Fu, Z., & Alford, P. (2012). An empirical study on behavioral intention to reuse e-learning 
systems in rural China. British Journal of Educational Technology, 43(6), 933–948



2272	 P. E. Idoga et al.

1 3

Liu, I. F., Chen, M. C., Sun, Y. S., Wible, D., & Kuo, C. H. (2010). Extending the TAM model to 
explore the factors that affect intention to use an online learning community. Computers & Educa-
tion, 54(2), 600–610

Mohammadi, H. (2015). Investigating users’ perspectives on e-learning: An integration of TAM and IS 
success model. Computers in Human Behavior, 45, 359–374

Mokhtar, S. A., Katan, H., & Hidayat-ur-Rehman, I. (2018). Instructors’ behavioral intention to use 
learning management system: An integrated TAM perspective. TEM Journal, 7(3), 513

Momani, A. M., & Jamous, M. (2017). The evolution of technology acceptance theories. In Interna-
tional journal of contemporary computer research (IJCCR) (Vol.1 Issue 1)

Motshegwe, M. M., & Batane, T. (2015). Factors influencing instructors’ attitudes toward technology 
integration. Journal of Educational Technology Development and Exchange (JETDE), 8(1), 1

Nácher, M. J., Badenes-Ribera, L., Torrijos, C., Ballesteros, M. A., & Cebadera, E. (2021). The effec-
tiveness of the GoKoan e-learning platform in improving university students’ academic perfor-
mance. Studies in Educational Evaluation, 70, 101026

Natasia, S. R., Wiranti, Y. T., & Parastika, A. (2022). Acceptance analysis of NUADU as e-learning 
platform using the Technology Acceptance Model (TAM) approach. Procedia Computer Science, 
197, 512–520

Nihuka, K. A., & Voogt, J. (2012). Collaborative e-learning course design: Impacts on instructors in the 
Open University of Tanzania. Australasian Journal of Educational Technology, 28(2)

Obakhume, A. S. A. (2011). Assessment of school teachers’ use of information and communication 
technology (ICT) in Oyo metropolis of Nigeria. Journal of Educational and Social Research, 1(5), 
131–135

Okpechi, P. A., Denwigwe, C. P., Asuquo, P. N., Abuo, C., & Unimna, F. U. (2018). Awareness and uti-
lization of e-learning resources by trainee counsellors of counselling education in Calabar, Nigeria. 
International Journal of Educational Technology and Learning, 3(2), 45–51

Oluwajana, D., Idowu, A., Nat, M., Vanduhe, V., & Fadiya, S. (2019). The adoption of students’ Hedonic 
motivation system model to gamified learning environment. Journal of Theoretical and Applied 
Electronic Commerce Research, 14(3), 156–167

Pursel, B. K., & Xie, H. (2014). Patterns and pedagogy: Exploring student blog use in higher education. 
Contemporary Educational Technology, 5(2), 96–109

Quintana, S. M., & Maxwell, S. E. (1999). Implications of recent developments in structural equation 
modeling for counseling psychology. The Counseling Psychologist, 27(4), 485–527

Sanga, C., Magesa, M. M., Chingonikaya, E., & Kayunze, K. A. (2013). Can e-learning promote participa-
tion of female students in STEM disciplines in higher learning institutions of Tanzania? International 
Journal of Education and Development using Information and Communication Technology, 9(3), 86A

Sarrab, M., Shibli, A., I., & Badursha, N. (2016). An empirical study of factors driving the adoption of 
mobile learning in Omani higher education. The International Review of Research in Open and 
Distributed Learning, 17(4)

Scherer, R., Siddiq, F., & Tondeur, J. (2019). The technology acceptance model (TAM): A meta-analytic 
structural equation modeling approach to explaining teachers’ adoption of digital technology in 
education. Computers & Education, 128, 13–35

Taber, K. S. (2018). The use of Cronbach’s alpha when developing and reporting research instruments in 
science education. Research in Science Education, 48(6), 1273–1296

Tarus, J. K., Gichoya, D., & Muumbo, A. (2015). Challenges of implementing e-learning in Kenya: A 
case of Kenyan public universities. The International Review of Research in Open and Distributed 
Learning, 16(1)

Tawalbeh, T. I. (2018). EFL Instructors’ Perceptions of Blackboard Learning Management System 
(LMS) at University Level. English Language Teaching, 11(1), 1–9

Tunmibi, S., Aregbesola, A., Adejobi, P., & Ibrahim, O. (2015). Impact of e-Learning and digitalization 
in primary and secondary schools. Journal of Education and Practice, 6(17), 53–58

Unwin, T., Kleessen, B., Hollow, D., Williams, J. B., Oloo, L. M., Alwala, J., & Muianga, X. (2010). 
Digital learning management systems in Africa: Myths and realities. Open Learning, 25(1), 5–23

Urh, M., Vukovic, G., & Jereb, E. (2015). The model for introduction of gamification into e-learning in 
higher education. Procedia-Social and Behavioral Sciences, 197, 388–397

Ursavaş, Ö. F., & Reisoglu, I. (2017). The effects of cognitive style on Edmodo users’ behaviour. The 
International Journal of Information and Learning Technology

Venkatesh, V. (2000). Determinants of perceived ease of use: Integrating control, intrinsic motivation, 
and emotion into the technology acceptance model. Information Systems Research, 11, 342–365

Vinner, S. (2018). Can e-learning (computer-based learning) replace teacher–student individual commu-
nication?. Mathematics, Education, and Other Endangered Species (pp. 59–62). Springer



2273Educational quality and technological complexity on recognition…

1 3

Wang, S. C., Cowie, B., & Jones, A. (2008). Challenges of e-learning for university instructors in Taiwan. 
In The 16th international conference on computers in education (ICCE 2008), Taipei, Taiwan (pp. 
229–236)

Wongpakaran, T., Wongpakaran, N., Sirirak, T., Arunpongpaisal, S., & Zimet, G. (2018). Confirmatory 
factor analysis of the revised version of the Thai multidimensional scale of perceived social support 
among the elderly with depression. Aging & Mental Health, 22(9), 1149–1154

Yakubu, M. N., & Dasuki, S. I. (2019). Factors affecting the adoption of e-learning technologies among 
higher education students in Nigeria: A structural equation modelling approach. Information Develop-
ment, 35(3), 492–502

Yakubu, M. N., Dasuki, S. I., Abubakar, A. M., & Kah, M. M. (2020). Determinants of learning manage-
ment systems adoption in Nigeria: A hybrid SEM and artificial neural network approach. Education 
and Information Technologies, 1–25

Yakubu, N., & Dasuki, S. (2018). Measuring e-learning success in developing countries: Applying the 
updated DeLone and McLean model. Journal of Information Technology Education: Research

Yamane, T. (1967). Statistics, an introductory Analysis, 2nd Edn. Horper and Row
Zamani, B. E., Esfijani, A., & Damaneh, S. M. A. (2016). Major barriers for participating in online teaching 

in developing countries from Iranian faculty members’ perspectives. Australasian Journal of Educa-
tional Technology,  32(3)

Publisher’s Note  Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Springer Nature or its licensor holds exclusive rights to this article under a publishing agreement with the 
author(s) or other rightsholder(s); author self-archiving of the accepted manuscript version of this article is 
solely governed by the terms of such publishing agreement and applicable law.

Patience E. Idoga  is a senior lecturer at the Faculty of Computing, Federal University Dutse, Nigeria and a 
professional member of the Nigeria Computer Society. She has published several articles in both SSCIE and 
ESCI, including other peer-reviewed international journals. Her research interests focuses on the adoption of 
modern technologies whilst harnessing the advantages of cloud computing utilities with specific emphasis 
on the usage of ICT to leverage the gap between urban and remote rural villages in developing countries.

Dokun Iwalewa Oluwajana  is a senior instructor in Management Information Systems at the Cyprus Inter-
national University, Northern Cyprus.

Ibrahim Adeshola  is a senior instructor at the school of Computing and Technology, Eastern Mediterranean 
University, Northern Cyprus. His research area includes computer programming, cloud computing, digi-
tal forensics, e-learning, e-government, e-commerce, knowledge management and management information 
systems.


	Educational quality and technological complexity on recognition of enhanced learning platform in developing countries using PLS-SEM in a post COVID era
	Abstract
	Introduction
	Review of literature
	Self-efficacy (SE)
	Educational quality (EQ)
	Technological complexity (TC)
	Perceived ease of use (PEOU) of the e-learning platform
	Perceived usefulness (PU) on behavioral intention (BI)

	Research methodology
	Data collection and measurement scales
	Data analysis
	Measurement of model fit

	Discussions
	Implication for educational practice
	Limitations and suggestions for future work

	Conclusion
	Acknowledgements 
	References




